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Rainfall is the most important input variable for hydrological models. The numerical Rainfall accuracy:

weather prediction model (NWP) of ECMWF produces twice a day an ensemble of 50 We accumulated the ecmwtf rainfall forecasts to daily values (06 UTC - 06 UTC), resulting
realistions é hour accumulated forecasts of rainfall [1]. In 9 forecasts of daily rainfall. We compared these with measured rainfall (08 UTC - 08 UTC)

This means that the first lead time (It 1) is 6 hours ahead, the last (It 9) is 8 days and 6 hours.

research questions:

- how accurate are the rainfall forecasts? Soil moisture accuracy:

- does accuracy of rainfall forecasts depend on lead time? Each member of the ensemble rainfall forecasts is used as input for the hydrological

- using the rainfall forecasts, how well is spatially variable soil moisture predicted? model. Per day we get 50 realisafions of soil moisture up to lead time 9 (I19).
For the next day initial values of the model were reset using the ‘frue’ run ( model forced
with rainfall fields estimated with both radar and raingauges [2]) .

S'l'U dy dred Results of forecasted soil moisture are compared to the ‘true’ run.

The study area 70 (km2) is
INn The middle of the Netherlands

(Fig 1A). hydrological model

metaSWAP unsatured zone:
schematized with 2 layers, flow based on Richards’
equation, using stationary runs of SWAP [Fig 2].

The area lies on the transition
of an ice-pushed ridge and a roofzone
river plane. The elevation is

between 0 - 70 meter +MSL subsoil o g

(Fig 1B). metaSWAP is coupled with MODFLOW [5], which is

On the higher elevation coarse schematized into 7 aquifers, seperated by aquitards.

fine sand sand is found which changes : .
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Fig. 8: Spatial plot of the bias in storage rootzone (Sr) per lead time.
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% Uncertainty of rainfall forecasts increases with lead time (~ 1 - 4 mm standard error)

% Very low (0 -1 mm) and very high (>10 mm) rainfall amounts are underestimated
by the rainfall forecasts, while rainfall amounts between 1 - 7 mm are overestimated
by the rainfall forecasts. This effect increases with lead time.
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% spatial mean RMSE and MAE of soil moisture increase with lead fime the spatial mean
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% The bias and MAE show clearly spatial variability within the study area caused by , : ,
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