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Motivation

The most common assessment method[1l] of a

photovoltaic (PV) system

is by comparing

Its

energy production to reference data (irradiance or

neighboring PV system).

these sets of data tend to show a
relationship. Deviations from this

At normal

operation,
linear

linearity are

Application of the algorithm:

It is applied to the scatterplot for two main

purposes:
a) to detect and separate measurements where the
PV system is functioning properly from the
measurements that show that the photovoltaic

(PV) system is malfunctioning.

Research Target

To deliver an algorithm that:
« Automatically clusters the points of a scatterplot which

tends to follow linear regression to:
1. Inliers — points that comply with the linearity.

2. Outliers — points that do not.
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