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being debris flow vs flood dominated
e Area, Melton ratio, mean/median slope and
some permafrost conditions are important
e Climate does not add a lot of new

information to the classification
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III. Results: Feature importance. How did model make this prediction?
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IV. Next steps:

e Explore the regional differences and spatial

e Expand the dataset to cover more areas patterns |
e Add vegetation coverage as predictor *Asses the climate change impact (“forse
e Apply the model beyond the training the model with climate scenarios)

dataset
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